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X

BS Factor Rating: 34 /100

Notes

While the baseline test honestly confirms that
blind betting loses money due to the market
margin, the recommended
remedy—cherry-picking historical breakdown
buckets—is structurally flawed.

Encourages traders to prune losing countries
and odds bands after looking at historical data,
guaranteeing live forward-testing decay.

Confuses descriptive historical variance (e.g.
National League North +27 pts vs National
League South -13 pts) with genuine pricing
discrepancies (+EV).

Classic presentation of data-dredging
workflow: scanning 165 leagues to filter out
past losers without a falsifiable causal thesis.

Uses flat £1 stakes and models exchange
commission (2%), but does not discuss
risk-adjusted returns, bankroll sizing, or
drawdown probability.

Shows standard automated pre-match
backtesting mechanics, but the analytical
framework leads directly into the curve-fitting
trap.



(100 = Sound, mathematically robust, and achievable; 0 = Totally unbelievable, unsustainable,
and guaranteed to fail)

Critique & Score Justification

This video runs a 60,000+ match baseline backtest backing Over 1.5 Goals blindly across two
seasons on the Betfair Exchange. While the presenter honestly shows the aggregate negative
result (-1p expected value per trade after commission), the subsequent analysis teaches
amateur traders dangerous data-mining habits.

Key Breakdown of Flaws:

1. Systematic Endorsement of Post-Hoc Data Snooping (Curve-Fitting):

O

After displaying the overall loss, the presenter browses the breakdown tables (by
country, league, and odds band) and suggests that the way to "improve" the
strategy is to remove the countries and leagues that performed poorly (e.g.,
Australia, Netherlands, Costa Rica) and keep those that showed a positive past
P&L (e.g., National League North, Slovenia, Italy).

In statistical modeling, scanning historical sub-segments and cutting losers after
the fact without a structural, economic, or tactical justification is textbook
$p$-hacking / data dredging. The divergence between National League North
(+27 pts) and National League South (-13 pts) is pure random variance, not an
exploitable market edge.

2. Misunderstanding Market Efficiency & Odds Decay:

o

o

The presenter notes that high-scoring leagues (Australia, Belgium, Netherlands)
lost money and speculates that the market "over-expects goals." In reality, Over
1.5 in high-scoring leagues trades at heavy odds-on prices (1.10-1.25).

When trading heavy odds-on outcomes, exchange commission and occasional
0-0 / 1-0 upsets naturally create heavy drag unless a genuine mathematical
discrepancy exists between true probability and market price.

3. Absence of Statistical Validation & Out-of-Sample Discipline:

O

The software workflow contains no train/test data splitting (e.g., 70% train / 30%
out-of-sample holdout), no walk-forward testing, and no Monte Carlo permutation
testing to evaluate $p$-values against pure chance.

Viewers are left with the false impression that pruning historical noise produces a
viable live system.
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